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INTRODUCTION SUMMARY

FOLFIRINOX and gemcitabine/abraxane chemotherapy

regimens are first-line treatments for pancreatic ductal e Molecular subtypes of PDAC are associated with features that can be captured from H&E
adenocarcinoma (PDAC). While FOLFIRINOX generally
has superior efficacy, it is associated with severe side whole-slide images using 2| deep |earning model.

effects that often make treatment intolerable. Moffitt

molecular subtypes of PDAC using RNA expression data e |dentification of patients likely to have basal-like PDAC could be used to rapidly identify patients

have identified a basal-like subtype that is less responsive

0 T e han @ dlassical subiype, Fatien's with 2 less likely to benefit from FOLFIRINOX therapy and prompt follow-up RNA expression testing for

basal-like subtype therefore could be better candidates for

gemcitabine/abraxane. Here, we developed a . .

proof-of-concept predictor of basal-like subtype from H&E SU btype COnfl rmatIOn -

whole slide images (WSIs) that could be used to rapidly

identify and prioritize cases for further RNA profiling. RESU LTS

METHODS lllustration of deep learning pipeline for predicting PDAC subtype from WSis Model performance is similar across magnification levels,
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