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INTRODUCTION SUMMARY
Clonal Hematopoiesis of Indeterminate Potential (CHIP

or CH) is a wll established confounder n next. e A novel classifier trained on multiple orthogonal bioinformatics features can reliably distinguish CH
generation sequencing (NGS)-based liquid biopsy cancer from tumor-derived variants using only liquid biopsy data.

diagnostics. Misclassification of CH as tumor variants

can lead to false positive actionable variant detection, e An ensemble approach using multiple independent features enables high performance.

potentially resulting in incorrect interpretation of results

and therapy selection. Moreover, CH variants may also " " " " " " 1F1\/1 " " "
e fore i et e o on e Our classifier achieves high accuracy, including high sensitivity and high specificity.
inaccurate assessment of treatment response. While

filtering of CH is possible via matched sequencing of

white blood cell and plasma DNA, emerging algorithmic RESU LTS
approaches may enable a more resource-effective,

time-sensitive approach with high precision. Analysis of features used for classifier Model training, testing and performance Characterization of identified CH variants
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